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Abstract

Random Forest (RF) is statistical technique widely used in natural hazard management assessment.
The main objective of this study is to assess and validate flood predictions as well as create flood prone
maps for Mueang Ubon Ratchathani District and Warin Chamrap District using random forest method.
A flood prone map was produced by mapping the flood locations. The spatial data for random forest
analysis and create flood prone mapping involved separate the flood location into training and testing
datasets using random selection and physical factors cause flooding of the study area such height, slope,
drainage density, soil types, distance from river and flow accumulate. To evaluate the effectiveness of the

random forest approach, the results were compared with a probabilistic-based flood susceptibility area.
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Additionally, the area under the curve (AUC) was used to validate the resulting flood-prone map. A result
found that random forest has a highest risk area 31.78% and the prediction rate curves for flood prone
maps = 0.82 while the flood susceptibility areas has a highest risk area 32.66% and the prediction rate
curves for flood prone maps = 0.82. It can be concluded that random forest technique is an effective tool
for evaluating flood susceptibility areas and the flood susceptibility map proves valuable for flood

prevention planning.
Keywords: Random Forest, GIS, Flood Risk
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